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Iteration RT-FedFlow [ ] FDT [ ] ROCO [ ]

1 0.20 0.18 0.22 0.25
2 0.32 0.30 0.35 0.38
3 0.45 0.44 0.48 0.52
4 0.55 0.56 0.58 0.63
5 0.64 0.66 0.67 0.73
6 0.71 0.74 0.75 0.81
7 0.77 0.80 0.81 0.87
8 0.82 0.85 0.86 0.91
9 0.86 0.89 0.90 0.94

10 0.89 0.92 0.93 0.96
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RT-FedFlow (0.89)FDT (0.92)ROCO (0.93)

RT-
FedFlowFDTROCO

ROCORT-FedFlowFDT

.

Time Series Forecasting Results (MAE & MSE)

MAE ( ) MSE ( )
RT-FedFlow [ ] 0.087 0.0124

FDT [ ] 0.079 0.0108
ROCO [ ] 0.072 0.0095

0.061 0.0072
15.3% 24.2%

Accuracy ( )

RT-FedFlow [ ] 84.2%
FDT [ ] 87.6%

ROCO [ ] 89.3%

93.8%
5.0%



77

Precision

Precision ( )
RT-FedFlow [ ] 81.5%

FDT [ ] 85.2%
ROCO [ ] 87.4%

91.2%
4.3%

Natural Language Processing (Recall & F1-Score)

Recall ( ) F1-Score ( )

RT-FedFlow [ ] 79.8% 80.6%
FDT [ ] 83.4% 84.3%

ROCO [ ] 86.1% 86.7%
90.5% 90.8%
5.1% 4.7%

RT-FedFlowFDTROCO

MAERT-FedFlow (0.087)FDT 

(0.079) ROCO (0.072)MSE
RT-FedFlow (0.0124)FDT (0.0108)
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FDT (87.6%)ROCO (89.3%)Precision
RT-FedFlow (81.5%)FDT (85.2%)ROCO 

(87.4%) 
.

Recall
F1-ScoreRecallRT-FedFlow (79.8%)
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ScorePrecisionRecallRT-FedFlow (80.6%)
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