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nSensors=100; nCoverage=10; maxIter=100; popSize=50; sensorPos=rand(nSensors,2);
foxPos=rand(popSize,nCoverage,2); [bestCov,bestPos]=deal(inf,[]);
for iter=1:maxIter

for i=1:popSize, cov=0; for j=1:nSensors, for k=1:nCoverage, d=norm(sensorPos(j,:)-
squeeze(foxPos(i,k,:))); if d<5, cov=cov+1; end, end, end

if cov<bestCov, bestCov=cov; bestPos=squeeze(foxPos(i,:,:)); end, end

for i=1:popSize, for j=1:nCoverage, a=rand(); foxPos(i,j,:)=squeeze(foxPos(i,],:))+a(bestPos(j,:)-
squeeze(foxPos(i,j,:))); end, end

disp(['Tter: ',num2str(iter),' Best:',num2str(bestCov)]);
end
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